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Medical AI Opens the Next Generation of Psychiatry :
AI Psychiatry

Eiji ARAMAKI, Noriko Kubo

Graduate School of Science and Technology,

Nara Institute of Science and Technology (NAIST)

Various Al-related technologies have emerged that utilize medical big data analysis
extracted from electronic medical records, diagnostic support, and time-series analysis by
smartphones and smart speakers. Among these, the most impactful Al development is Large
Language Models, which facilitate natural language processing. As a result, both medical pro-
fessionals and patients have begun to actively utilize Al technology. It is anticipated that more
patients will use Al in the near future. Al holds the potential to support both patients and
healthcare providers, potentially leading to more precise medical care through enhanced col-
laboration. However, there are concerns about risk, primarily due to the lack of clarity regard-
ing its underlying principles. Discussions surrounding Al-trust in medicine, fairness of diagno-
sis, ownership of data, and other social issues are necessary. This paper aims to provide an
overview of the current state of medical Al and to discuss potential challenges that may arise in

the next generation of psychiatry.

Authors’ abstract

Keywords Medical Al, natural language processing (NLP), chatbot, Generative Al,
Large Language Models (LLM)
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